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ABSTRACT: Computer Numerical Control technology has transformed manufacturing 

by enabling automated, repeatable and accurate production of geometrically complex 

components. Modern CNC systems extend beyond conventional programmed machining 

through multi-axis motion, high-speed machining, intelligent process monitoring, 

adaptive control, digital twins, artificial intelligence, industrial robotics and networked 

manufacturing. These technologies are particularly important in aerospace, automotive, 

biomedical, electronics, defence and tool-and-die industries, where components require 

tight dimensional tolerances and high surface quality. Nevertheless, precision CNC 

manufacturing is affected by thermal deformation, tool wear, chatter, spindle errors, 

fixture deformation, geometric inaccuracies and variations in material properties. This 

review-based article examines advanced CNC technologies and their contribution to 

precision, productivity, flexibility and process reliability. It discusses five-axis machining, 

high-speed cutting, direct-drive systems, intelligent controllers, sensor-based monitoring, 

adaptive machining, digital twins, machine learning, automated inspection and cyber-

physical production. A conceptual framework connecting machining parameters, system 

errors and product quality is presented. The study finds that advanced CNC technologies 

can significantly improve manufacturing performance when supported by accurate 

calibration, process planning, sensor integration, data interoperability and skilled 

personnel. Future CNC development will increasingly focus on autonomous parameter 

optimization, closed-loop quality control, human–machine collaboration and self-

correcting production systems. 

 

 

1. Introduction 

Precision manufacturing involves producing components within narrowly specified dimensional, geometric and surface-quality 

limits. Industries such as aerospace, medical devices, semiconductors, automotive engineering and defence require components 

capable of operating under demanding mechanical, thermal and environmental conditions. 

Computer Numerical Control machines use programmed numerical instructions to control tool and workpiece motion. A 

conventional CNC programme defines coordinates, feed rates, spindle speeds, tool changes and auxiliary operations. Compared 

with manual machines, CNC systems provide: 

• Greater positioning accuracy 
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• Improved repeatability 

• Higher productivity 

• Reduced operator dependence 

• Complex contour generation 

• Automated tool changing 

• Consistent product quality 

• Easier production-data collection 

• Integration with computer-aided manufacturing 

Modern manufacturing demands exceed the capabilities of basic three-axis CNC machines. Complex free-form surfaces, thin-

walled components, difficult-to-machine materials and micrometre-level tolerances require advanced motion systems, sensors, 

software, control algorithms and metrology. 

Advanced CNC manufacturing combines mechanical accuracy with digital intelligence. The machine no longer operates only 

as a programmed motion device; it becomes a connected cyber-physical system capable of monitoring, predicting and adjusting 

its own performance. 

2. Objectives of the Study 

The principal objectives are: 

1. To explain the development of advanced CNC technologies. 

2. To identify the main factors affecting machining accuracy. 

3. To examine multi-axis, high-speed and intelligent machining systems. 

4. To analyse sensor-based monitoring and adaptive control. 

5. To evaluate applications of artificial intelligence and digital twins. 

6. To discuss automated inspection and error-compensation methods. 

7. To identify implementation challenges and future research directions. 

3. Research Methodology 

The study adopts a descriptive and analytical literature-review methodology. Research concerning CNC systems, manufacturing 

automation, machine-tool errors, process monitoring, artificial intelligence, digital twins and precision metrology has been 

examined. 

The analysis covers: 

• Machine configuration 

• Motion-control technology 

• Machining-process mechanics 

• Tool and spindle condition 

• Thermal and geometric errors 

• Sensors and data acquisition 

• Artificial intelligence 
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• Digital manufacturing 

• Quality inspection 

• Cybersecurity and interoperability 

The article does not claim to report a new machining experiment. Numerical performance depends on the machine, material, 

tool, process parameters and environmental conditions. 

4. Development of CNC Technology 

Early numerical-control systems used punched tapes to provide motion commands. Contemporary CNC systems employ digital 

processors, high-resolution feedback devices and network communication. 

Manufacturing stage Principal characteristics 

Manual machining Operator-controlled tool movement 

Numerical control Predefined instructions through physical media 

Computer numerical control Computerized programme storage and execution 

Distributed numerical control Central management of multiple machines 

Computer-integrated manufacturing Integration with design and production systems 

Smart CNC Sensors, analytics and network connectivity 

Autonomous machining Real-time prediction, optimization and self-correction 

The development of CNC technology reflects a movement from fixed automation toward flexible and intelligent production. 

5. Principal Components of an Advanced CNC System 

An advanced CNC machine contains several interdependent subsystems. 

5.1 Machine-control unit 

The controller interprets the part programme, calculates tool trajectories and sends commands to the drive system. Modern 

controllers support high-speed interpolation, look-ahead functions, tool compensation and real-time data communication. 

5.2 Drive and feedback system 

Servo motors move the machine axes. Encoders and linear scales measure actual position and provide feedback to the 

controller. 

The position error can be expressed as: 

𝑒𝑝(𝑡) = 𝑥𝑟(𝑡) − 𝑥𝑎(𝑡) 

Where: 

• 𝑒𝑝(𝑡)= Position error 

• 𝑥𝑟(𝑡)= Reference position 

• 𝑥𝑎(𝑡)= Actual position 

The control system continuously attempts to minimize this error. 

5.3 Spindle system 

The spindle holds and rotates the cutting tool or workpiece. Precision machining requires low vibration, minimal runout, 

thermal stability and appropriate speed–torque characteristics. 
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5.4 Tool-changing system 

Automatic tool changers reduce non-productive time and allow several operations to be completed within one setup. Tool 

magazines may contain measuring probes and duplicate tools for automatic replacement. 

5.5 Sensor and communication system 

Sensors measure vibration, force, acoustic emission, temperature, spindle power, current, displacement and tool condition. 

Communication networks transfer data to controllers, monitoring platforms and manufacturing-execution systems. 

6. Multi-Axis CNC Machining 

Three-axis machines move along the X, Y and Z directions. Four- and five-axis systems introduce rotary axes that allow the 

tool or workpiece to approach the component from multiple orientations. 

6.1 Advantages 

Five-axis machining offers: 

• Production of complex free-form surfaces 

• Fewer workpiece setups 

• Reduced fixture errors 

• Improved tool accessibility 

• Shorter cutting tools 

• Better surface finish 

• Reduced production time 

• Machining of undercuts and inclined features 

6.2 Applications 

Multi-axis systems are widely used for: 

• Turbine blades 

• Aircraft structural components 

• Impellers 

• Medical implants 

• Moulds and dies 

• Automotive components 

• Marine propellers 

• Precision optical components 

6.3 Technical challenges 

The accuracy of multi-axis machining depends on the coordinated movement of linear and rotary axes. Small rotary-axis errors 

can produce large tool-position deviations. 

Challenges include: 

• Kinematic transformation 
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• Rotary-axis calibration 

• Collision avoidance 

• Post-processor accuracy 

• Tool-centre-point control 

• Singularities 

• Complex fixture design 

• Programme verification 

7. High-Speed Machining 

High-speed machining uses elevated spindle speeds and feed rates to remove material efficiently while maintaining acceptable 

forces and surface quality. 

The material-removal rate in milling can be approximated as: 

𝑀𝑅𝑅 = 𝑎𝑝 × 𝑎𝑒 × 𝑣𝑓  

Where: 

• 𝑀𝑅𝑅= Material-removal rate 

• 𝑎𝑝= Axial depth of cut 

• 𝑎𝑒= Radial width of cut 

• 𝑣𝑓= Feed velocity 

High-speed machining is useful for aluminium alloys, dies, moulds and thin-walled aerospace structures. 

Advantages 

• Higher material-removal rate 

• Shorter production cycles 

• Reduced cutting forces in selected conditions 

• Improved surface quality 

• Increased ability to machine thin walls 

• Potential reduction in finishing operations 

Limitations 

• High spindle and tool cost 

• Rapid tool wear 

• Heat generation 

• Chatter risk 

• Complex process planning 

• Demanding balancing requirements 
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• Increased need for programme look-ahead 

• Safety risks from high rotational speed 

The controller must process upcoming programme blocks rapidly to avoid sudden changes in velocity and acceleration. 

8. Precision and Error Sources 

The total machining error can be represented conceptually as: 

𝐸𝑇 = 𝐸𝐺 + 𝐸𝑇 + 𝐸𝑆 + 𝐸𝐷 + 𝐸𝑊 + 𝐸𝐹 + 𝐸𝐶  

Where: 

• 𝐸𝑇= Total manufacturing error 

• 𝐸𝐺= Geometric error 

• 𝐸𝑇= Thermal error 

• 𝐸𝑆= Spindle error 

• 𝐸𝐷= Drive and control error 

• 𝐸𝑊= Tool-wear error 

• 𝐸𝐹= Fixture and workpiece deformation 

• 𝐸𝐶= Cutting-process error 

The notation uses the same symbol for total and thermal error in some engineering texts; for clarity, thermal error may 

alternatively be denoted 𝐸𝑡ℎ. 

𝐸total = 𝐸𝐺 + 𝐸𝑡ℎ + 𝐸𝑆 + 𝐸𝐷 + 𝐸𝑊 + 𝐸𝐹 + 𝐸𝐶  

Major error sources 

Error source Example Quality effect 

Geometric error Straightness or squareness deviation Dimensional inaccuracy 

Thermal error Spindle and ball-screw expansion Position drift 

Tool wear Flank wear or edge chipping Size and surface variation 

Vibration Forced vibration or chatter Waviness and poor finish 

Fixture error Incorrect location or deformation Misalignment 

Servo error Following error or backlash Contour deviation 

Workpiece deformation Cutting-force or thermal distortion Form error 

Programming error Incorrect offset or tool path Scrap or collision 

9. Thermal-Error Compensation 

Thermal errors are among the major contributors to machine-tool inaccuracy. Heat may originate from: 

• Spindle bearings 

• Motors and drives 

• Ball screws 
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• Guideways 

• Cutting processes 

• Hydraulic systems 

• Ambient-temperature variation 

Thermal expansion can be approximated as: 

Δ𝐿 = 𝛼𝐿0Δ𝑇 

Where: 

• Δ𝐿= Change in length 

• 𝛼= Thermal-expansion coefficient 

• 𝐿0= Initial length 

• Δ𝑇= Temperature change 

Thermal-error control methods include: 

• Machine warm-up cycles 

• Temperature-controlled production areas 

• Symmetrical machine structures 

• Cooling and lubrication 

• Low-expansion materials 

• Temperature sensors 

• Finite-element models 

• Regression models 

• Neural-network prediction 

• Real-time controller compensation 

Accurate compensation must remain reliable under different spindle speeds, workloads and ambient conditions. 

10. Tool-Condition Monitoring 

Tool wear affects dimensional accuracy, surface roughness, cutting force and productivity. Unexpected tool failure can damage 

the workpiece, fixture and spindle. 

Monitoring variables 

• Cutting force 

• Spindle motor current 

• Acoustic emission 

• Vibration 

• Sound 

• Temperature 
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• Tool images 

• Surface quality 

• Power consumption 

Monitoring approaches 

Direct methods inspect the tool using cameras, microscopes, lasers or contact measurement. They can provide accurate wear 

information but may interrupt production. 

Indirect methods estimate tool condition from process signals. They support real-time monitoring but require signal 

processing and reliable models. 

A tool-monitoring system may classify the tool as: 

• New 

• Stable 

• Progressively worn 

• Near failure 

• Broken 

The system can then adjust parameters, issue an alarm or automatically load a replacement tool. 

11. Chatter Detection and Suppression 

Machining chatter is a self-excited vibration that produces poor surface quality, excessive noise and rapid tool wear. It can also 

damage the spindle or workpiece. 

Chatter depends on: 

• Spindle speed 

• Depth of cut 

• Tool geometry 

• Workpiece stiffness 

• Machine dynamics 

• Tool overhang 

• Material properties 

Stability-lobe diagrams help identify combinations of spindle speed and depth of cut that permit stable machining. 

Advanced systems detect chatter through vibration, acoustic emission, force or spindle-current signals. Corrective actions 

include: 

• Adjusting spindle speed 

• Reducing depth of cut 

• Modifying feed rate 

• Selecting a different tool 

• Changing tool orientation 
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• Using variable-pitch cutters 

• Applying active vibration control 

12. Adaptive Control 

Conventional CNC systems follow predefined parameters even when tool condition, material properties or cutting conditions 

change. Adaptive control modifies process parameters using real-time measurements. 

A basic feedback relationship can be written as: 

𝑢(𝑡) = 𝑓[𝐹𝑐, (𝑡), 𝑉, (𝑡), 𝑇(𝑡)𝑃(𝑡)𝑊(𝑡)] 

Where: 

• 𝑢(𝑡)= Control action 

• 𝐹𝑐(𝑡)= Cutting force 

• 𝑉(𝑡)= Vibration 

• 𝑇(𝑡)= Temperature 

• 𝑃(𝑡)= Power 

• 𝑊(𝑡)= Estimated tool wear 

The controller may change feed, speed, coolant supply or depth of cut to maintain a desired force, power, temperature or 

surface condition. 

Benefits 

• Prevention of tool overload 

• Longer tool life 

• Improved productivity 

• Reduced scrap 

• Better process stability 

• Consistent surface quality 

Limitations 

• Sensor noise 

• Control delay 

• Model uncertainty 

• Difficult process interactions 

• Safety-validation requirements 

• Integration with proprietary CNC systems 

13. Artificial Intelligence in CNC Manufacturing 

Artificial intelligence can identify complex relationships among machining parameters, sensor signals, tool condition and 

product quality. 
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Major applications 

1. Tool-wear prediction 

2. Chatter detection 

3. Surface-roughness estimation 

4. Cutting-force prediction 

5. Thermal-error compensation 

6. Remaining-useful-life estimation 

7. Automatic parameter selection 

8. Anomaly detection 

9. Predictive maintenance 

10. Quality classification 

Common techniques include: 

• Artificial neural networks 

• Support-vector machines 

• Decision trees 

• Random forests 

• Convolutional neural networks 

• Recurrent neural networks 

• Reinforcement learning 

• Hybrid physics-informed models 

AI models require representative and accurately labelled data. A model trained on one tool, machine or material may not 

perform reliably under different conditions. 

14. Digital Twins for CNC Systems 

A digital twin is a dynamic digital representation of a physical machine or machining process. It receives operational data and 

uses models to estimate, predict or optimize system behaviour. 

A CNC digital twin can integrate: 

• Machine geometry 

• Axis positions 

• Spindle condition 

• Cutting-tool information 

• Workpiece state 

• Sensor measurements 

• Process parameters 

• Maintenance records 
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• Inspection results 

Applications 

• Virtual commissioning 

• Collision detection 

• Tool-path verification 

• Process simulation 

• Energy analysis 

• Thermal prediction 

• Predictive maintenance 

• Remote monitoring 

• Production optimization 

• Product traceability 

The value of a digital twin depends on synchronization. A static three-dimensional machine model without updated physical 

data is better described as a digital model than a complete operational twin. 

15. Automated Metrology and Closed-Loop Manufacturing 

Precision production requires measurement and correction. Traditional inspection occurs after machining, which may allow 

several defective components to be produced before a problem is detected. 

Advanced CNC systems use: 

• Touch-trigger probes 

• Laser tool setters 

• On-machine scanning 

• Coordinate measuring machines 

• Vision systems 

• Surface-roughness sensors 

• In-process gauging 

A closed-loop quality system follows this cycle: 

Machine → Measure → Compare → Compensate 

Inspection data can update work offsets, tool-wear values or process parameters. This approach reduces operator intervention 

and prevents repeated errors. 

On-machine measurement must account for machine geometry, probe calibration and temperature. A machine tool cannot 

automatically serve as an independent metrology instrument without appropriate uncertainty evaluation. 

16. CAD/CAM and CNC Integration 

Computer-Aided Design defines product geometry, while Computer-Aided Manufacturing creates tool paths and machining 

instructions. 
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Advanced CAD/CAM systems provide: 

• Feature recognition 

• Tool selection 

• Tool-path optimization 

• Collision simulation 

• Cutting-time estimation 

• Remaining-material analysis 

• Multi-axis programming 

• Post-processing 

• Model-based definition 

The post-processor translates a generic tool path into instructions appropriate for a particular machine and controller. Incorrect 

post-processing can produce axis errors or collisions even when the original CAM simulation appears correct. 

17. Robotic and Hybrid CNC Systems 

Industrial robots can perform machining, drilling, trimming, polishing and deburring. They offer large working areas and 

flexibility but generally possess lower stiffness and absolute accuracy than precision machine tools. 

Hybrid manufacturing combines multiple processes in one platform, such as: 

• Additive manufacturing and CNC milling 

• Laser deposition and finishing 

• Turning and milling 

• Grinding and hard turning 

• Ultrasonic assistance and cutting 

• Electrical-discharge machining and milling 

Hybrid systems reduce setups and allow components to be built, repaired and finished on a common platform. 

18. Industrial Internet of Things and Connectivity 

Connected CNC machines can exchange data with: 

• Manufacturing-execution systems 

• Enterprise-resource-planning systems 

• Tool-management databases 

• Quality-management systems 

• Maintenance platforms 

• Cloud and edge-computing systems 

Communication standards such as MTConnect and OPC UA support structured machine-data exchange. Interoperability 

remains difficult because manufacturers may use different data models, protocols and proprietary interfaces. 



International Revista of Computer, 
Civil, Electronics, Electrical,  
Mechanical Engineering  
eISSN: xxxx-xxxx 

 

 

40 
 International Revista of Computer, Civil, Electronics, Electrical, Mechanical Engineering 

https://jhp.0ff.mytemp.website/index.php/IRCCEEME/index 

19. Cybersecurity Challenges 

Connecting CNC machines to digital networks creates cybersecurity risks. Potential attacks include: 

• Unauthorized programme modification 

• Theft of product designs 

• Manipulation of tool offsets 

• Disabling safety functions 

• False sensor-data injection 

• Ransomware 

• Remote machine shutdown 

• Alteration of quality records 

• Reconstruction of confidential tool paths 

A small malicious change to a tool path may create an internal defect that is difficult to detect visually. 

Cybersecurity measures should include: 

• Network segmentation 

• Strong authentication 

• Role-based access 

• Programme version control 

• Secure backups 

• Encrypted communication 

• Firmware verification 

• Intrusion monitoring 

• Physical access control 

• Incident-response planning 

20. Sustainability in CNC Manufacturing 

Advanced CNC technologies can improve environmental performance by reducing: 

• Scrap 

• Energy consumption 

• Cutting-fluid use 

• Tool consumption 

• Rework 

• Unnecessary machine idle time 

• Material removal 
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Energy-efficient tool paths, minimum-quantity lubrication, dry machining and condition-based maintenance can reduce 

environmental impact. 

However, additional sensors, computers, networks and data centres consume resources. Sustainability assessments should 

therefore consider the entire life cycle of the manufacturing system. 

21. Comparison of Conventional and Advanced CNC Systems 

Feature Conventional CNC Advanced intelligent CNC 

Process parameters Pre-programmed Adaptively optimized 

Machine monitoring Limited alarms Continuous sensor monitoring 

Maintenance Preventive or breakdown-based Predictive and condition-based 

Inspection Mainly post-process In-process and closed-loop 

Programming Manual or basic CAM Simulation and automatic optimization 

Tool management Operator-based Automated identification and life prediction 

Machine connectivity Limited Industrial network and cloud integration 

Error correction Manual compensation Model- and data-based correction 

Decision-making Operator-dependent AI-assisted 

Production role Automated machine Cyber-physical manufacturing system 

22. Major Implementation Challenges 

22.1 High investment cost 

Multi-axis machines, precision spindles, sensors, software and metrology systems require significant investment. 

22.2 Shortage of skilled personnel 

Advanced systems require expertise in machining, programming, robotics, electronics, data analytics and metrology. 

22.3 Legacy-machine integration 

Older machines may not provide standardized interfaces or sufficient computing capability. 

22.4 Data quality 

Missing, noisy or incorrectly synchronized data reduce the reliability of predictive models. 

22.5 Interoperability 

Machines, controllers and software from different suppliers may use incompatible formats and protocols. 

22.6 Model generalization 

AI models may perform well under training conditions but fail when the tool, material or machine changes. 

22.7 Cybersecurity 

Connectivity exposes production systems and intellectual property to cyber threats. 

22.8 Organizational resistance 

Employees may resist new systems when implementation occurs without training, consultation or clear responsibilities. 

23. Challenges and Recommended Solutions 



International Revista of Computer, 
Civil, Electronics, Electrical,  
Mechanical Engineering  
eISSN: xxxx-xxxx 

 

 

42 
 International Revista of Computer, Civil, Electronics, Electrical, Mechanical Engineering 

https://jhp.0ff.mytemp.website/index.php/IRCCEEME/index 

Challenge Effect Recommended solution 

Thermal deformation Dimensional drift Sensors, cooling and real-time compensation 

Tool wear Poor finish and inaccurate size Tool-condition monitoring 

Chatter Surface damage and tool failure Stability analysis and adaptive control 

Multi-axis calibration errors Contour inaccuracies Volumetric calibration 

Data incompatibility Weak system integration Open communication standards 

High investment cost Slow technology adoption Phased implementation 

Skill shortage Programming and maintenance errors Specialized workforce training 

Unreliable AI models Incorrect predictions Hybrid models and continuous validation 

Measurement uncertainty Incorrect compensation Traceable calibration 

Cyberattack Machine or product manipulation Secure industrial architecture 

24. Major Findings 

The study produces the following findings: 

1. Advanced CNC technology improves precision through integrated mechanical, control, sensing and software 

capabilities. 

2. Multi-axis machining reduces setups and enables complex component production. 

3. Thermal deformation remains a major source of machine-tool error. 

4. High-speed machining increases productivity but requires stable dynamics and advanced control. 

5. Sensor-based tool monitoring can reduce unexpected failure and scrap. 

6. Adaptive control enables CNC machines to respond to changing process conditions. 

7. Artificial intelligence supports prediction, but its reliability depends on representative data. 

8. Digital twins improve simulation, monitoring and traceability when synchronized with physical machines. 

9. In-process metrology enables closed-loop quality control. 

10. Connectivity improves production coordination but creates cybersecurity risks. 

11. Advanced equipment cannot independently ensure precision without calibration, process planning and skilled 

operation. 

12. Future CNC systems will become increasingly autonomous and self-correcting. 

25. Recommendations 

1. Conduct geometric and volumetric calibration at planned intervals. 

2. Use temperature sensing and thermal-error compensation. 

3. Integrate tool-condition and vibration monitoring. 

4. Validate CAM programmes and post-processors before machining. 

5. Introduce multi-axis technology according to actual product requirements. 

6. Establish traceable in-process and post-process metrology. 



International Revista of Computer, 
Civil, Electronics, Electrical,  
Mechanical Engineering  
eISSN: xxxx-xxxx 

 

 

43 
 International Revista of Computer, Civil, Electronics, Electrical, Mechanical Engineering 

https://jhp.0ff.mytemp.website/index.php/IRCCEEME/index 

7. Adopt interoperable industrial communication standards. 

8. Validate AI models across multiple tools, materials and operating conditions. 

9. Maintain human supervision for safety-critical decisions. 

10. Protect CNC systems through industrial cybersecurity controls. 

11. Train employees in programming, metrology, automation and data analysis. 

12. Implement digital twins gradually, beginning with high-value use cases. 

13. Measure productivity through quality, tool life and downtime—not cycle time alone. 

14. Integrate sustainability objectives into machining-process planning. 

15. Use closed-loop inspection to prevent repeated production errors. 

26. Future Scope 

Future CNC research is expected to focus on: 

• Self-optimizing machining 

• Physics-informed artificial intelligence 

• Autonomous process planning 

• Explainable machine-learning models 

• Grid- and cloud-connected machine tools 

• Human–robot collaborative machining 

• Digital-thread integration 

• Intelligent remanufacturing 

• Self-calibrating machines 

• Secure edge computing 

• Zero-defect manufacturing 

• Sustainable tool-path optimization 

The future CNC machine will combine physical precision with computational intelligence, allowing it to predict errors and 

modify its operation before defective production occurs. 

27. Conclusion 

Advanced CNC technologies are essential for producing high-quality components with complex geometry and tight tolerances. 

Multi-axis motion, high-speed machining, intelligent controllers, process sensors, adaptive control, artificial intelligence, digital 

twins and automated inspection have expanded the capabilities of conventional machine tools. Precision depends on the 

complete manufacturing system rather than the CNC machine alone. Machine geometry, thermal conditions, spindle behaviour, 

tool wear, fixture design, material variation, control accuracy and measurement uncertainty interact to determine final 

component quality. Advanced technology can improve productivity and reduce scrap, but implementation requires skilled 

personnel, reliable data, calibration, cybersecurity and integration with production-management systems. Manufacturers should 

adopt these technologies according to measurable production needs rather than treating digitalisation as an objective by itself. 

As CNC systems become more connected and intelligent, precision manufacturing will increasingly move toward autonomous, 

closed-loop and self-correcting production. Human expertise will remain important for defining objectives, validating decisions 

and ensuring safe and responsible operation. 
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